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Abstract: Considering that the classical concept learning algorithms are difficult to deal with the massive data set,a
MapReduce-based parallel algorithm for granular concept cognitive learning is proposed. The parallel algorithm is based on
the cognitive thoughts of perception and attention in cognitive psychology,and it is combined with the granule transformation
principle of granular computing. Specifically,a parallel algorithm is developed to compute granular concepts in big data envi-
ronment, and a comparative analysis of the parallel algorithm and the classical granular concept construction algorithm is
made. Granular concept cognitive computing systems are also constructed from the perspectives of extension and intension.
Then, cognitive concept learning is performed by a given object set or attribute set. Experimental results show that the pro-
posed parallel algorithm is effective and can be suitable for granular concept cognitive learning of massive data.
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Data set 2 494,021 163 8,282,570. 82 2,964 ,126. 00 528.70
Data set 3 583,250 142 10,720,690. 47 8,165,500. 12 6,476. 00
Data set 4 4,898,431 163 very long very long 39,536.76
Data set 5 5,000,000 38 very long very long 64,932. 12
Data set 6 11,000,000 58 very long very long 325,017. 18
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